Honeybee Re-1dentification in Video: New Datasets and Impact of Self-supervision
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Can you re-identify the following bee? Dataset Collection Training using short- vs long-term data Effect of amount of short-term data
Video Setup Our Re-ID models are CNN trained with triplet loss on Accuracy versus number of tracks.
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 Long-term: uses the tagged bees as training data.
This dataset represents supervised training due to
the manual effort required for placing tags.

* Short-term: uses untagged bees collected
automatically. We assumed that different tracks
belong to a different individuals. This assumption is
justified with a low chance that the same untagged
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